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Introduction

B@ﬁmg able to effect \\/x U\\/ store and analyze Uqug 8 and com I)U ox datasets is k KEY a component in many oi; LE@@JEJ\/ s scientific and industrial
processes and can often lead to startling new discoveries. However, traditional forms of data analysis are often inadequate to handle such
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datasets. Therefore, wm processes of data mining and modeling of time-evolving graphs was developed in order to efficiently store and
analyze complex datasets that change over: time.
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(Two different ways to interpret cluster results)
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Since the cluster score increases as the average distance between
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Future Work

Additional hypotheses to verify through data mining

Do smaller countries What other attributes of a country determine its Do countries tend Based upon their current trade values, can

tend to trade in close trading values (i.e. population, geographical to stay within their
proximity? placement, etc...)? own clusters?

a model be built to predict how clusters of
countries will form in the future?
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